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Mult2objective optimization of aeroengine PID control based
on multi2objective genetic-algorithms
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Abstract: Multi2objective-genetic algorithms were-applied to the parameter optimization
of aeroengine proportional integral derivative (PID) controller. The PID controller parame2
ters of aeroengine were optimized by multobjective genetic algorithms NSGA20 . In this pa2
per the controller parameters of amaeroengine was optimized, and the simulation results indi2
cate that compared with the traditional optimization method, the speed controller system

shows good-dynamic¢ and stable performance. The result is satisfactory.
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Fig.1 Optimization of PID controller parameters based

on mult2objective genetic algorithms
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Fig. 2 Mainframe of optimization of aeroengine PID

controller parameters based on NSGA 0
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